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Abstract 

Background: The morbidity and mortality of patients with critical illnesses remain high in pulmonary critical care 
units and a poorly understood correlation between alterations of lipid elements and clinical phenomes remain 
unelucidated.

Methods: In the present study, we investigated plasma lipidomic profiles of 30 patients with severe acute pneu-
monia (SAP), acute pulmonary embolism (APE), and acute exacerbation of chronic pulmonary diseases (AECOPD) or 
15 healthy with the aim to compare disease specificity of lipidomic patterns. We defined the specificity of lipidomic 
profiles in SAP by comparing it to both APE and AECOPD. Analysis of the correlation between altered lipid elements 
and clinical phenotypes using the lipid-QTL model was then carried out.

Results: We integrated lipidomic profiles with clinical phenomes measured by score values from the digital evalua-
tion score system and found phenome-associated lipid elements to identify disease-specific lipidomic profiling. The 
present study demonstrates that lipidomic profiles of patients with acute lung diseases are different from healthy 
lungs, and there are also disease-specific portions of lipidomics among SAP, APE, or AECOPD. The comprehensive 
profiles of clinical phenomes or lipidomics are valuable in describing the disease specificity of patient phenomes and 
lipid elements. The combination of clinical phenomes with lipidomic profiles provides more detailed disease-specific 
information on panels of lipid elements When compared to the use of each separately.

Conclusions: Integrating biological functions with disease specificity, we believe that clinical lipidomics may create 
a new alternative way to understand lipid-associated mechanisms of critical illnesses and develop a new category of 
disease-specific biomarkers and therapeutic targets.
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Background
Acute lung injury is a major challenge and cause of 
patient morbidity and mortality in pulmonary critical 
care units, as an early stage of acute respiratory distress 
syndrome (ARDS), although molecular diagnosis and 
therapy are still lacking due to the complex pathogenesis, 
severity, and systemic responses [1]. Acute infection is 
one of common factors that can induce the exacerbation 
of chronic lung diseases. Chen et  al., initially identified 
disease-specific dynamic biomarkers for severe pneumo-
nia or severe pneumonia-associated-ARDS by integrating 
proteomic profiles of inflammatory mediators with clini-
cal informatics as part of clinical bioinformatics [2]. They 
found that specific protein-based biomarkers compar-
ing diseased tissue with healthy tissue and diseased tis-
sue and diseased tissue had a significant correlation with 
clinical phenomes measured by Digital Evaluation Score 
System (DESS) scores. Shi et al. identified specific immu-
nomodulatory mediators by evaluating dynamic genomic 
and proteomic profiles of peripheral blood mononuclear 
cells and plasma in patients with acute exacerbation of 
chronic obstructive pulmonary disease (AECOPD) and 
found a complex network of AECOPD- or COPD-spe-
cific immunomodulatory mediators [3]. In addition to 
changes of genomic and proteomic profiles, alterations 
of systemic metabolisms are also another important 
factor which can influence disease severity, duration, 
progression, and patient response to therapy, although 
the metabolism has been ignored in understanding of 
molecular mechanisms in the development of acute and 
chronic pulmonary diseases.

Clinical lipidomics is a new integrative approach to 
identify the disease-specific correlation and regulation 
between a large scale of lipid elements measured in liq-
uid biopsies from patients with their clinical phenomes 
[4]. Clinical lipidomics has been suggested as a novel 
approach in discovering new categories of disease-spe-
cific biomarkers or therapeutic targets and could play a 
key role in improving our understanding of molecular 
mechanisms in disease metabolisms [5]. However, chal-
lenges still remain to be faced and overcome in prior 
to clinical practice [6]. Lv et  al. investigated regulatory 
mechanisms of lipidomic profiles in lung cancer subtypes 
by measuring plasma lipidomes between healthy patients 
and patients with lung cancer, squamous cell carcino-
mas, adenocarcinomas, and small cell lung cancers, and 
initially correct lipidomic and genomic profiles of lipid-
associated enzymes and proteins by integrating the data 
of large-scale genome screening [7]. The integration of 

lipidomics with genomics can be a new approach in iden-
tifying disease-specific diagnostic biomarkers and thera-
peutic targets.

In the present study, we investigated plasma lipidomic 
profiles of patients with severe acute pneumonia (SAP), 
acute pulmonary embolism (APE), and AECOPD with 
the aim to compare disease specificity of lipidomic pat-
terns. We defined the specificity of lipidomic profiles in 
SAP by comparing it to both APE and AECPOD. Analy-
sis of the correlation between altered lipid elements and 
clinical phenotypes using the lipid-QTL model was then 
carried out.

Methods and materials
Patient population
Patients that were selected in the study had either SAP, 
APE, or AECOPD. The present study was approved by 
the Ethical Evaluation Committee of Zhongshan Hos-
pital and designed using a case–control approach. The 
patients gave informed consent for lipids analysis and the 
ethical code is B2018-187. The study involved 30 patients 
(11 SAP, 7 APE and 12 AECOPD) and 15 healthy people. 
SAP was defined according to the previous description [8, 
9] and APE was diagnosed as described previously [10]. 
Patient medical history included admittance to the hos-
pital due to an acute infection associated with AECOPD 
[11]. Patients were recruited into the study between 
October 2016 and March 2017. Healthy controls enrolled 
were blood donors at Zhongshan Hospital. Subjects 
accompanied with more than one respiratory disease, or 
any family history of lung disease, were excluded. Plasma 
was harvested from healthy controls (10 female/5 male) 
and patients with SAP, ARE, or AECOPD on day one 
when they entered the hospital. Informed consent was 
given by the subjects themselves before they underwent 
lung function tests, high-resolution computed tomogra-
phy and blood collection. The details of the study design 
are explained in Fig. 1.

Digital evaluation score system
The Digital Evaluation Score System (DESS) is a score 
index used to translate clinical descriptive information 
of each phenome into clinical informatics, as described 
previously [12]. Using this instrument, we considered 
clinical phenomes (e.g. symptoms and signs, biochemical 
analyses and clinical imaging) for patients with SAP, APE, 
or AECOPD, respectively. When assessing severity each 
component was assigned a score of 0, 1, 2 or 4 with the 
score of 4 indicating far above normal range or a much 
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severe condition, and 0 as the minimum value that indi-
cates that severity is within normal physiological range. 
After compiling patient data, we added the points for 
each variable. The total DESS scores ranged from 0 to 584 
points, with a higher score indicating a more severe con-
dition. Patients were scored on the day when their blood 
samples were collected. Of the 500 clinical phenomes 
scored and collected in each of three lung diseases, 
146 clinical phenomes were listed in Additional file  1: 
Table S1 and the terminal data was derived from the sum 
of each phenome score.

Lipid extraction for mass spectrometry analysis
A total of 200 μl plasma was taken into a glass tube and 
managed, as reported previously [13]. Then, 10 μl inter-
nal standard was added into each glass tube and then 
poured into 5  ml of methanol:chloroform:formic acid 
(10:10:1). This mixture was shaken vigorously and incu-
bated at − 20 °C overnight. 2 ml of Hajra’s reagent (0.2 M 
 H3PO4, 1  M KCl) was added, mixed by vigorous shak-
ing and centrifuged at 3000 rpm for 5 min and RT. After 
stratification, the lower layer of chloroform was extracted 

to another glass tube and nitrogen flow was blown to 
200  μl. A phase (isopropyl alcohol:hexane:100  mm 
ammonium acetate at 58:40:2) was added to 1 ml. Finally, 
the sample was put into a centrifuge at 14,000 rpm at 4 °C 
for 20 min. We adopted normal phase liquid chromatog-
raphy and coupled triple-quadrupole mass spectrom-
eter  (QTRAP® 6500, SCIEX, Framingham, MA, USA) 
to extract the lipid for the positive and negative electro-
spray ionization mode, and Q-Trap in the multiple reac-
tion monitoring mode operation to scan the precursor/
product ion. Each experiment was repeated thrice. With 
multiple reaction monitoring data processing Multi-
Quant ™ software (AB SCIEX), the peak area of each pair 
was quantified [7]. The formic acid, acetone, acetonitrile, 
dithiothreitol, iodoacetamide, ammonium bicarbonate, 
and Tris base (Analytical Grade) were purchased from 
Sigma-Aldrich (St. Louis, MO, USA), the internal stand-
ard cocktails from Avanti Lipids Polar (MA, USA), and 
high-performance liquid chromatography (HPLC) grade 
chloroform  (CHCl3), methanol, isopropyl alcohol (IPA), 
hexane, and ammonium acetate  (NH4OAc) from Merck 
Millipore (Billerica, MA, USA).

Clinical phenomes

DESS=154/600

Clinical lipidomes

Lipid elements=502/3000
Clinical bioinformatics

Disease-specific biomarkers

Lung diseases (n=7)

Fig. 1 Work-flow of integration processes between clinical phenomes and lipidomic profiles using clinical bioinformatics for the identification of 
disease-specific biomarkers
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Measurement of lipidomic profiles
Lipid samples were derived through DB-23 column (30 
m × 0.25  mm × 0.25  μm) (Agilent Technologies, Santa 
Clara, CA, USA) with high purity helium as a carrier 
gas with the flow rate of 1.5 ml/min. During the process, 
2.0 μl was added, 50:1 s the split ratio, 220 °C as the igni-
tion chamber temperature, and 150  °C as the injection 
port temperature. The temperature started from 150  °C 
and with an increasing program, reached 250  °C at the 
speed of 4  °C/min, and was maintained at 250  °C for 
5 min. Working conditions of mass spectrometry mainly 
included the ionization source as EI, the ionization volt-
age at 70 eV, the ion source temperature at 200 °C, solvent 
delaying for 4 min, the multiplier voltage at 0.9 kV, and 
the scan range was 50–650 amu. and subjected to liquid 
chromatography-mass spectrometer analysis (FOCUS 
DSQTM II, Thermo Fisher Scientific).

Lipid extracts were loaded onto and then eluted with 
an Ultremex silica column (250 × 4.6 mm, 5 μm) and fit-
ted with a 2 × 4 mm silica guard cartridge (Phenomenex, 
Torrance, CA, USA). The sample elation was performed 
as a 300 nl/min gradient, during which 50% B was from 
0 to 5  min, ramped to 100% from 5 to 30  min linearly 
for 10  min, and returned 50% from 40 to 41  min until 
the end of the run at 50 min. The Q-Trap was operated 
in the multiple-reaction monitoring mode and the differ-
ent precursor/product ion pairs with the mode, including 
PE (16:0/16:1):688.8–255.1, PE (16:0/17:1):702.8–255.1, 
PC (16:0/15:1):716.8–255.1, PE (18:1/18:1):742.8–281.1, 
PE (18:0/18:1):744.8–283.1, PS (18:1/18:0):788.6–
281.1 (in the electrospray ionization-mode), Cer 
(d18:1/16:0):538.8–264.1, Cer (d18:1/24:0):650.8–264.1 
(in the electrospray ionization + mode). Experiments 
of multiple-reaction monitoring mode for 502 lipids of 
plasma samples were also carried out to get lipids pos-
sible chemical structures and to scan pairs and quantifi-
cation results. Data were processed with MultiQuant™ 
software (AB SCIEX) and the peak area of each pair was 
used for further quantification.

Lipidomic data analysis
Multivariate statistical analysis and cluster analysis were 
performed using MetaboAnalyst 4.0 (http://www.metab 
oanal yst.ca). No lipids were filtered out based on 50% 
missing data criteria. Prior to analysis, missing values 
were replaced by median and pareto-scaling was used 
for normalization of all metabolomic MS intensity data. 
In addition, the Metaboanalyst software was used to 
make heat map of these three diseases and healthy peo-
ple, dimensionality reduction, or the remaining five main 
indicators. The expression of more than 500 lipids was 
clearly shown.

Statistical analysis
Data were presented as mean ± SE. Statistical signifi-
cance of differences among groups were determined by 
one-way ANOVA test and the difference between each 
two groups by Student’s T test with one way and two 
tails. Fold changes of each elements in disease group 
above health control group were calculated on basis of 
the average in each group. Data obtained from the mass 
spectra were statistically analyzed using Simca, to obtain 
the picture of disease classification. Volcano maps of the 
data were based on patients with SAP, APE, or AECOPD, 
respectively. p value < 0.05 was considered to have sta-
tistical significance. A VIP plot was further used to rank 
the lipids based on their importance to differentiate the 
four groups. To capture the correlation between clini-
cal phenomes and lipid elements, we used the lipid-QTL 
model which was modified from the eQTL-like effect 
model to estimate the association of clinical phenomes 
with lipid elements. To explore phenome-associated or 
specific lipid element changes, the values of lipid ele-
ment quantitative trait loci (lQTL) matrixlQTL R pack-
age was applied to obtain the significant associated 
phenome-lipid element pairs and corresponding p-val-
ues, as shown in Additional file 1: Table S1–S3. Matrix-
lQTL implemented the linear model with both additive 
and dominant effects. We use Graph Pad Prism to make 
the ROC curve to measure the diagnostic accuracy/the 
value of early diagnosis between the specific-alternations 
of lipid elements with clinical phenomes in SAP, APE, or 
AECOPD.

Results
DESS values of clinical phenomes in patients with 
SAP, APE, or AECOPD were listed in Additional file  1: 
Table  S2, according to patient’s chief complaint, physi-
cian examination, biochemical analyses, and imaging. 
The sums of clinical phenomes were 63 ± 11, 30 ± 10, or 
41 ± 22 in patients with SAP, APE, or AECOPD, respec-
tively. In order to define the frequency and severity of 
clinical phenomes in diseases, we ranked the average of 
patient DESS values with significance as compared with 
the control and observed the appearance of each phe-
nome among diseases in top 10. We found that d-dimer, 
expectoration, and tachypnea appeared in all groups, 
in addition to which cough, pulmonary nodule, pleural 
thickening, and erythrocyte sedimentation rate in SAP 
and AECOPD, C-reaction protein in SAP and APE, or 
heart rate in APE and AECOPD, as shown in Table  1. 
About 10% of total phenomes showed the statistical sig-
nificance between the two groups, while no phenomes 
appeared significant among all three groups (Table 2). Of 
those, most also appeared in top 10 of clinical phenomes 
in Table 1. Of top 10 clinical phenomes, white blood cells 

http://www.metaboanalyst.ca
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and chest auscultation were altered in SAP, pulmonary 
embolism, blood sugar, diabetes, nutritional status, or 
prothrombin time in APE, or emphysema and chest dis-
tress in AECOPD.

The quality of lipidomic profiles measured and ana-
lyzed was presented in Fig.  1. Orthogonal Partial Least 
Squares Discriminant Analysis (OPLS-DA) maps made 
by SIMCA statistical software demonstrated the stronger 
correlation of 502 lipid elements among groups (Fig. 1a). 
Bi-dimension of 502 indicators and two plane projec-
tions of comprehensive analysis showed a clear distin-
guish among SAP, APE, and Healthy controls, while a 
difficult separation between SAP and AECOPD (Fig. 1b). 
The reliability of bi-dimensional projections was further-
more proved by clusters where patients were identified 

into subgroups and the same category of disease was 
aggregated (Fig.  1c). The VIP score chart with 10 lipid 
elements on the left represents the main lipid elements 
to distinguish among four groups, i.e. the contribution 
of 10 lipid elements from high to low in order of PI38:4, 
PI36:2, PI38:3, PA14:0/24:5, PA14:1/20:5, PF32:1, PG41:6, 
PE40:7, PG34:1, PI36:1, as shown in Fig.  1d. There is a 
clear correlation between lipid contributions and VIP 
score values. General values of 502 lipid elements of 
patients with control, SAP, APE, or AECOPD in the hot 
map demonstrate the difference among groups in Addi-
tional file  2: Figure S1A, B. Of those, about 50 of ele-
ments changed significantly as compared with control 
were mapped to show the clear difference among groups 
(Figs. 2, 3). 

Table 1 Top 10 clinical phenomes of  patients with  severe acute pneumonia (SAP), acute pulmonary embolism (APE), 
or  acute exacerbation of  chronic pulmonary diseases (AECPD) selected from  the  highest clinical phenotype score 
(mean ± SE)

SAP APE AECPD

Cough 2.82 ± 0.13 d-dimer (mg/l) 2.88 ± 022 Cough 2.67 ± 0.16

Erythrocyte sedimentation rate 2.36 ± 0.16 Pulmonary embolism 2.30 ± 0.28 Expectoration 2.08 ± 0.15

Pulmonary nodule 2.18 ± 0.19 Blood sugar 1.45 ± 0.26 Pulmonary nodule 2.08 ± 0.17

White blood cells 2.18 ± 0.19 Prothrombin time 1.43 ± 0.27 Pleural thickening 1.67 ± 0.17

d-dimer 2.18 ± 0.19 Heart rate 1.17 ± 0.28 Tachypnea 1.42 ± 0.14

Expectoration 2.09 ± 0.13 Diabetes 1.16 ± 0.28 Heart rate 1.33 ± 0.16

Tachypnea 1.82 ± 0.17 C-reaction protein 1.15 ± 0.21 Erythrocyte sedimentation rate 1.33 ± 0.15

Pleural thickening 1.82 ± 0.19 Tachypnea 1.02 ± 0.22 Emphysema 1.33 ± 0.16

Chest auscultation 1.82 ± 0.19 Nutritional status 0.86 ± 0.04 Chest distress 1.17 ± 0.13

C-reaction protein 1.82 ± 0.14 Expectoration 0.74 ± 0.21 d-dimer 1.00 ± 0.15

Table 2 Clinical phenomes of  patients with  severe acute pneumonia (SAP), acute pulmonary embolism (APE), or  acute 
exacerbation of chronic pulmonary diseases (AECPD) with statistical significance between each two groups

Folds of digital evaluation score system (DESS) scores above SAP or APE were also listed

*The symptoms with statistical significance compared with the two groups of diseases (p<0.05)

APE vs SAP AECPD vs SAP AECPD vs APE

Fold p value Fold p value Fold p value

Cough 0.21 0.01* 0.95 0.84 4.48 0.04*

d-dimer (mg/l) 1.32 0.19 0.46 0.16 0.35 0.01*

Wheeze 0.29 0.22 1 0.04* 3.29 0.27

Chest auscultation 0.01 0.04* 0.55 0.33 46.43 0.17

C-reaction protein 0.63 0.37 0.28 0.02* 0.43 0.23

Pulmonary embolism 6.32 0.00* 0.92 0.95 0.14 0.00*

Respiratory rate (times/min) 0.02 0.01* 0.41 0.25 24.25 0.46

Fever (℃) 0.49 0.43 0.14 0.04* 0.29 0.38

Prothrombin time (s) 2.62 0.24 0.00 0.13 0.00 0.02*

Performance status scores 0.35 0.30 0.00 0.03* 0.00 0.04*

Hemoglobin (g/l) 0.79 0.80 0.00 0.02* 0.00 0.20

Blood platelet (*109) 0.00 0.08 0.00 0.02*

Lung consolidation 0.00 0.13 0.00 0.04*
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Table 3 demonstrates that more than twofold elevated 
lipid elements of patients with SAP, APE or AECOPD 
with statistical significance, as compared with healthy 
control (p < 0.05 or less). About 90 or 70 lipid elements in 
SAP or APE and AECOPD were significantly more than 
twofolds(Table  3) above levels of controls, respectively. 
In elevated elements, there are 30% phosphatidyletha-
nolamine (PE), 20% lyso-lipids, 14% phosphatidylserine 
(PS), 12% phosphatidylglycerol (PG), and 11% phosphati-
dylcholine (PC) in SAP patients; 34% lyso-lipids, 18% PS, 
15% PG, 13% PE, and 11% PC in APE; or 33% PE, 19% 
PG, 16% lyso-lipids, 13% PC, and 10% PS in AECOPD, 
respectively. While, there were about 20 elements in dis-
ease groups significantly less than twofolds below levels 
of controls, as shown in Table 4. Of declined those, 67% 
phosphatidic acids (PA), 19% PG, and 10% phosphati-
dylinositol (PI) in SAP; 64% PA, 21% PS, and 13% PG in 
APE; or 84% PA and 16% PS in AECOPD. There are 23 
elements only specific elevated in SAP, 22 in APE, or 8 

in AECOPD, respectively (Table  5), while 4–5 elements 
only specific declined in disease groups, as shown in 
Table 5. There were 33 or 9 common elements elevated or 
declined significantly in all SAP, APE, and AECOPD, as 
compared with healthy control (p < 0.05 or less, respec-
tively, Table 6).   

The number of lipid elements elevated in all groups 
accounted for 30% of those in SAP and about 50% in APE 
and AECOPD, while declined numbers accounted for 
about 45% in disease groups. We selected the top 6 ele-
ments of the highest elevation in each group and found 
that most of them were also elevated in multiple groups, 
by comparing levels of the same elements from one group 
with those from others, as shown in Additional file  2: 
Figure S2A for SAP, 2B for APE, or 2C for AECOPD. Of 
those, the number of lipid elements that either elevated 
or declined significantly were listed in Table  5, we also 
selected the top 6 specific elements of the highest ele-
vation from SAP (Fig.  4a), APE (Fig.  4b), or AECOPD 

Fig. 2 Lipid species and scatters performed with the orthogonal partial least squares discriminant analysis (a), where green dots represent 502 
kinds of lipids species and yellow dots represent patient samples. The two dimensions of those lipids in healthy patients as control (CON), or 
patients with severe acute pneumonia (SAP), acute pulmonary embolism (APE), or acute exacerbation of chronic pulmonary diseases (AECOPD) 
(b) to represent the distribution of lipid elements. The hierarchical decomposition of lipid species, of which each cluster is the correlation of two 
adjacent samples where the distinction is better classified between CON and APE, while not but between SAP and AECOPD) (c). The VIP score map 
derived from the lipid elements to distinguish among top 10 contributions from each group of patients. Color from green to red indicates a low to 
high score, of which the higher score shows the greater contribution (d)
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(Fig. 4c). We were able to not only screen out the specific 
lipid elements of each group by comparing each group of 
diseases with those of healthy control, but also screened 
for statistically significant lipid elements for each group 
of diseases. The first three results with the highest up-
regulation were shown in Table  7. The principal com-
ponent analysis also demonstrated clear possibility to 
distinguish between healthy control and diseases, e.g. 
principal components 1, 2, 3, 4, and 5 were 56.9, 10.1, 8.7, 
7.8, and 4.6% (Fig.  5a). Furthermore, the definite distri-
bution of individual elements within dominate principal 
components 1 and 2 was observed between control and 
diseases and among other diseases (Fig.  5b). Both were 
accounted for more than 70% in the two-dimensional 
plan made by PLS-DA. We furthermore analyzed altera-
tions of major C-atoms expressed within lipid elements 

and found that the major portions of C-atom elements 
were C18:0–C18:2 and C20:2–C20:4, respectively (Fig. 6). 
Levels of C14:0, C20:1, C22:4, or C22:6 were elevated and 
C18:0, C20:2, C20:3, or C20:4 were significantly declined 
in SAP, while C15:0, C17:0, or C20:5 levels declined 
and C20:1 or C22:6 were elevated in all SAP, APE, and 
AECOPD, respectively. Figure  7a showed a definite dif-
ference of major lipid distributions among groups which 
included 502 lipid elements, of which some were signifi-
cantly elevated or declined in SAP (Fig. 7b), APE (Fig. 7c), 
or AECOPD (Fig. 7d).

With the aim to identify disease phenome-specific 
lipid elements, circulating levels of lipid elements were 
integrated with clinical phenomes in patients with SAP 
(Fig.  8a), APE (Fig.  8b), or AECOPD (Fig.  8c), respec-
tively. About 24, 20, or 19 lipid elements respectively, 

Fig. 3 Map of top 50 lipid elements with the highest expression in patients with control, with severe acute pneumonia (SAP), acute pulmonary 
embolism (APE), or acute exacerbation of chronic pulmonary diseases (AECOPD)
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Table 3 More than  twofold elevated lipid elements of  patients with  severe acute pneumonia (SAP), acute pulmonary 
embolism (APE), or acute exacerbation of chronic pulmonary diseases (AECPD) with statistical significance, as compared 
with healthy control (p < 0.05 or less)

SAP APE AECPD

Elements Folds pvalue Elements Folds pvalue Elements Folds pvalue

PC 18:1/23:1 25.49 0.05 PS30:1 8.12 0.00 PC 18:1/23:1 12.39 0.01

d181So 21.71 0.04 PI 36:3 6.86 0.02 PI 36:3 8.21 0.00

PS30:1 12.38 0.02 PS31:1 5.63 0.00 PS30:1 7.21 0.00

PI 36:3 9.59 0.00 lysoPE19:0 5.09 0.05 lysoPE19:0 6.92 0.03

lysoPS17:1 8.70 0.03 PG30:1 4.89 0.00 lysoPI 22:4 (sn-1) 5.55 0.03

lysoPE19:0 8.66 0.02 PS31:0 4.70 0.00 PC 41:6 5.50 0.03

lysoPI22:6 (sn-1) 7.41 0.01 lysoPS18:2 4.15 0.01 PG30:1 5.26 0.00

PE 40:3 6.96 0.02 PC 16:0/26:0 3.98 0.02 PG31:0 5.21 0.00

PS30:0 6.74 0.03 lysoPC22:0 (sn-1) 3.70 0.04 PE 40:3 5.06 0.00

PE 40:2 6.56 0.00 PE 40:3 3.68 0.01 PE 40:2 4.95 0.00

PC 41:6 6.56 0.03 PS30:0 3.60 0.05 PG31:1 4.86 0.00

PE 40:1 6.19 0.00 PE 40:2 3.52 0.01 lysoPI22:6 (sn-1) 4.83 0.00

PE 42:8 6.02 0.03 PS37:6 3.51 0.03 PE 40:1 4.76 0.00

lysoPE22:6 (sn-1) 5.99 0.05 PE 40:1 3.50 0.01 PS30:0 4.18 0.00

lysoPG14:0 5.90 0.01 PG30:0 3.50 0.00 PE 38:7 4.09 0.00

PE 38:1 5.76 0.00 PG31:0 3.49 0.00 PC 39:4 (18:0/21:4) 4.00 0.03

lysoPS16:0 5.44 0.01 PG31:1 3.47 0.00 lysoPC 15:1 (sn-1) 4.00 0.04

lysoPS15:1 5.44 0.01 lysoPS15:1 3.42 0.01 PC 39:3 (18:0/21:3) 3.95 0.03

PE 39:7 5.33 0.00 PE 39:7 3.27 0.02 PE 38:1 3.90 0.00

PS31:1 5.32 0.00 PC 19:0/21:2 3.24 0.02 PE 40:7 3.82 0.00

PE 38:2 5.22 0.00 PE 42:8 3.13 0.04 PE 36:5 3.67 0.00

PE 40:7 4.86 0.00 lysoPS16:1 3.09 0.01 PE 39:7 3.61 0.00

PG30:1 4.78 0.00 PE 38:1 3.06 0.04 lysoPE19:1 3.61 0.04

PE 38:3 4.60 0.02 PC 19:0/19:0 3.05 0.02 PE 42:8 3.58 0.01

PC39:3 (18:0/21:3) 4.58 0.01 PE 38:7 3.01 0.05 lysoPS18:2 3.44 0.00

PC 39:4 (18:0/21:4) 4.57 0.01 lysoPS17:0 3.01 0.01 PC 39:3 3.39 0.02

PC 39:3 4.46 0.01 lysoPC15:1 (sn-1) 2.87 0.01 PG30:0 3.39 0.00

PS32:0 4.43 0.03 PG34:0 2.84 0.01 PE 38:5 3.33 0.00

PE 40:4 4.30 0.04 PG34:1 2.80 0.01 PE 38:2 3.29 0.01

PG31:0 4.28 0.00 lysoPS19:0 2.74 0.01 lysoPS22:6 3.28 0.05

PE 38:7 4.25 0.00 PG32:0 2.65 0.00 lysoPC 17:1 (sn-1) 3.24 0.04

PG31:1 4.19 0.00 PE 38:3 2.60 0.03 PC 19:0/21:2 3.24 0.03

PE 38:5 4.18 0.01 lysoPC22:6 (sn-1) 2.56 0.01 PC 39:5 (18:0/21:5) 3.20 0.03

PE 36:1 4.10 0.00 lysoPG16:1 2.55 0.04 PS31:1 3.17 0.01

PS32:1 4.07 0.01 PS34:4 2.50 0.02 PE 38:3 3.06 0.01

lysoPI20:2 (sn-1) 4.02 0.02 lysoPC19:0 (sn-1) 2.50 0.01 PE 40:4 3.03 0.02

PE 36:5 3.99 0.00 PG32:2 2.49 0.01 PE 37:6p 3.00 0.01

PE 37:7p 3.97 0.00 lysoPC20:3 (sn-1) 2.48 0.02 PG34:0 2.97 0.00

PE 37:6p 3.83 0.00 PS34:5 2.43 0.03 PG32:0 2.96 0.00

lysoPS18:2 3.83 0.01 lysoPC20:5 (sn-1) 2.40 0.01 PC 39:6 2.87 0.02

PE 35:6p 3.80 0.01 lysoPC16:1 (sn-1) 2.40 0.01 PS31:0 2.85 0.01

PC 39:5 (18:0/21:5) 3.77 0.01 PG32:1 2.40 0.01 PG34:1 2.84 0.01

lysoPS14:0 3.64 0.02 PE 35:5p 2.40 0.02 PG34:5 2.81 0.00

lysoPI19:0 (sn-1) 3.52 0.00 PC39:0 (18:0/21:0) 2.36 0.00 lysoPI20:0 (sn-1) 2.80 0.03

PC 39:6 3.51 0.01 PS34:3 2.35 0.05 PE 35:5p 2.73 0.01

PC39:2 (18:0/21:2) 3.45 0.02 lysoPC18:0 (sn-1) 2.33 0.01 PE 35:6p 2.72 0.01
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Table 3 (continued)

SAP APE AECPD

Elements Folds pvalue Elements Folds pvalue Elements Folds pvalue

lysoPE19:1 3.34 0.03 lysoPC20:4 (sn-1) 2.31 0.01 lysoPS20:4 2.71 0.03

lysoPS18:3 3.32 0.01 lysoPC18:3 (sn-1) 2.30 0.03 PE 38:6 2.64 0.00

PG30:0 3.31 0.00 PC 41:6 2.30 0.00 PG32:1 2.52 0.01

PE 40:6 3.22 0.01 PG33:1 2.28 0.00 PE 37:7p 2.51 0.03

PE 35:5p 3.15 0.00 PS36:6 2.27 0.04 PE 36:6 2.48 0.01

PC 19:0/21:2 3.15 0.02 lysoPC20:2 (sn-1) 2.26 0.03 PG32:2 2.47 0.01

PS35:3 3.12 0.01 PE 35:6p 2.25 0.04 lysoPG15:0 2.46 0.04

PC 19:0/19:0 2.99 0.01 lysoPC17:0 (sn-1) 2.22 0.01 PE 40:6 2.44 0.01

PG34:0 2.97 0.02 PC 40:6 2.20 0.00 PS35:3 2.40 0.03

PS34:2 2.94 0.01 PS35:3 2.20 0.02 lysoPC16:1 (sn-1) 2.37 0.04

PE 42:7 2.92 0.04 lysoPC20:0 (sn-1) 2.20 0.03 PS34:3 2.35 0.00

PG32:0 2.92 0.00 lysoPS20:5 2.20 0.03 PG34:4 2.32 0.01

PS37:6 2.89 0.01 PS38:7 2.18 0.01 PS37:6 2.27 0.00

PE 37:5p 2.87 0.02 PC 40:7 2.17 0.00 PE 36:4 2.22 0.01

lysoPC 22:0 (sn-1) 2.80 0.01 PS36:5 2.14 0.05 PG33:0 2.22 0.02

lysoPS19:0 2.77 0.01 lysoPC16:0 (sn-2) 2.12 0.01 PS34:4 2.22 0.00

PG32:2 2.71 0.00 lysoPC15:0 (sn-2) 2.12 0.04 PE 36:1 2.20 0.03

PS34:3 2.68 0.01 PS33:0 2.11 0.02 PE 37:5p 2.20 0.03

PG34:1 2.68 0.00 PC 39:4 (18:0/21:4) 2.09 0.00 PG33:1 2.18 0.01

PS34:4 2.67 0.00 lysoPC 18:1 (sn-1) 2.05 0.02 PC 39:7 2.13 0.01

PE 38:6 2.67 0.01 PG33:0 2.04 0.05 PS37:5 2.10 0.01

PE 37:3 2.66 0.05 PC 40:4 2.00 0.00 PC 37:3 2.09 0.04

PS36:5 2.64 0.01 PG36:2 2.08 0.01

PE 36:6 2.60 0.01 PE 38:4 2.08 0.02

PS34:5 2.58 0.00

PE 38:4 2.53 0.02

PC 39:7 2.49 0.01

PG34:5 2.48 0.01

PG34:4 2.46 0.00

PC 37:4 2.44 0.02

lysoPG16:1 2.43 0.01

PG32:1 2.36 0.00

PC 37:3 2.35 0.02

PE 36:4 2.30 0.01

PE 35:1 2.26 0.04

PS35:2 2.23 0.01

PS33:2 2.23 0.04

PC 40:4 2.19 0.00

PG33:0 2.11 0.02

PE 39:6 2.11 0.02

PC 40:6 2.11 0.00

lysoPG18:3 2.08 0.04

PC 40:5 2.06 0.00

PC 40:8 2.01 0.03
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from those phenome-lipid element pairs of patients with 
SAP, APE, or AECOPD, had significant differences as 
shown in heatmap patterns. Various lipid elements and 
the corresponding clinical phenotype were clearly seen 
in Fig. 8, where, lysoPE 19:0 and lysoPS 14:0 were corre-
sponded to 23 clinical phenotypes in SAP (Figure 8A1), 
rather than in APE and AECOPD. In addition, up-regu-
lated lysoPG14:0 and lysoPE 22:6 or down-regulated PA 
19:0/23:0 and PA 15:0/25:0 as well as PA 20:0/21:5 were 
corresponded to pulmonary hypertension, high sweats, 
smoking time,  Na+, P2 hyperfunction,  PaCO2, blood 
sugar, and  SaO2 (Fig. 8A2). In patient with APE, up-reg-
ulated lysoPS17:0 and PC16:0/26:0 were highly correlated 
with clinical phenotypes (Fig.  8B1) andhad the highest 
specificity of disease, and differed from other diseases. 
Clinical phenomes, e.g. tchypne, urea, pleural thicken-
ing, and increased intracranial pressure, were associated 
with PS 38:1, lysoPC 22:6/18:0/22:0, PA 15:00/25:0/20:0
/21:5/14:1/20:5/15:0/20:5, PC 39:0, lysoPS 18:2, PS 40:1 
(Fig.  8B2). In AECOPD, LypoPS 22:6 and lysoPG 15:0 
were highly correlated with wheezing rate, CEA, reduced 
exercise tolerance, lung examination/barrel chest, and 

P2 hyperfunction (Fig. 8C1), while PA 20:0/21:5/15:0/25
:0/16:0/18:3/18:4/19:1 with pulmonary embolism, weak-
ness, dypnea (Fig. 8C2). Additional file 2: Figures S3 and 
S6 demonstrated that diagnostic accuracies of specific 
lipid elements were 0.70–0.90, 0.70–0.80, or 0.70–0.90 in 
SAP, APE, or AECOPD, respectively (p < 0.05 or less). We 
screened out specific-increased lipid elements listed in 
Table 5, and listed the AUC levels of lipid element speci-
ficity with significant difference in Table 8.

Discussion
With the rapid development of biotechnology and under-
standing on lipids, the number of scientific publications 
on lipidomics has been increased exponentially during 
the last decade. Lipidomics as a tool has been used to 
experimentally and clinically define the lipid profiling of 
lung tissue and plasma and the relationship between lipid 
characterization and lung function. Initially, components 
of rat surfactant lipidomics were dynamically investi-
gated, of which palmitoyl–myristoyl-PC and its frag-
ments was considered as an integral component of active 
surfactant and correlated with respiratory rate but not 

Table 4 Less than  twofold declined regulated lipid elements of  patients with  severe acute pneumonia (SAP), acute 
pulmonary embolism (APE), or  acute exacerbation of  chronic pulmonary diseases (AECPD) with  statistical significance, 
as compared with healthy control (p < 0.05 or less)

SAP APE AECPD

Elements Folds pvalue Elements Folds pvalue Elements Folds pvalue

PS41:6 0.50 0.01 PA 16:0/20:1 0.50 0.03 PA 16:0/20:1 0.47 0.02

PA 16:0/20:1 0.48 0.02 PS41:6 0.49 0.02 PS41:6 0.46 0.01

PI 38:1 0.47 0.00 PA 16:0/18:3 0.48 0.04 PS 18:0/22:3 0.46 0.01

PG40:5 0.47 0.03 PG39:3 0.43 0.05 PS 20:3/22:6 0.45 0.02

PA 18:3/18:4 0.43 0.01 PA 17:0/13:0 0.41 0.04 PA 10:0/18:1 0.44 0.02

PG39:3 0.41 0.03 PA 15:1/24:0 0.39 0.03 PA 10:0/18:0 0.43 0.00

PG37:1 0.40 0.04 PS38:1 0.39 0.02 PA 18:3/18:4 0.41 0.02

PI 18:0/17:1 0.39 0.00 PG37:1 0.36 0.04 PA 16:1/18:3 0.38 0.02

PA 16:1/18:3 0.38 0.02 PA 18:0/20:5 0.35 0.02 PA 15:1/24:0 0.37 0.02

PA 18:4/19:1 0.38 0.04 PS40:1 0.32 0.04 PA 14:1/21:4 0.36 0.03

PA 19:0/22:5 0.37 0.04 PA 20:0/21:5 0.31 0.02 PA 18:4/19:1 0.35 0.03

PG40:6 0.33 0.00 PA 15:0/25:0 0.29 0.04 PA 19:0/22:5 0.33 0.03

PA 15:1/24:0 0.33 0.01 PA 14:0/24:5 0.18 0.04 PA 16:1/18:4 0.33 0.03

PA 14:1/21:4 0.32 0.02 PA 14:1/20:5 0.11 0.00 PA 16:0/18:3 0.32 0.01

PG40:8 0.31 0.00 PA 15:0/20:5 0.04 0.01 PA 17:0/13:0 0.30 0.01

PA 16:0/18:3 0.31 0.00 PA 19:0/23:0 0.29 0.03

PA 19:0/23:0 0.31 0.03 PA 20:0/21:5 0.25 0.01

PA 17:0/13:0 0.28 0.01 PA 15:0/25:0 0.22 0.02

PA 18:1/20:4 0.25 0.04 PA 14:1/20:5 0.10 0.00

PA 20:0/21:5 0.22 0.01 PA 15:0/20:5 0.06 0.00

PA 15:0/25:0 0.20 0.01

PA 14:1/20:5 0.08 0.00

PA 15:0/20:5 0.04 0.00
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with alveolar structure [14]. Telenga et al. measured more 
than 1500 lipid compounds in sputum of smokers with or 
without COPD, and found that 13 lipids differed between 
smokers and COPD which correlated with lower lung 
function and inflammation and 20 sphingolipids between 
smokers and non-smokers reduced after 2-month 
smoking cessation [15]. Our previous studies demon-
strated that plasma levels of PS and lysoPS were signifi-
cantly increased, while lysoPE and PE were decreased in 
patients with lung cancer, and firstly reported profiles of 
lung cancer-specific and subtype-specific lipidomics, cor-
related with gene expression profiles of lipid-associated 
enzymes and proteins [7].

Lipidomics as lipid-targeted metabolomics 
describes comprehensive profiles of lipid elements in 

multi-samples which can distinguish healthy tissue and 
diseased tissue as an alternative of promising biomark-
ers [16]. Alterations of lipidomic profiles are highly 
dependent upon changes of membrane structure, energy 
storage, and signal transduction in human disease. For 
example, the previous study demonstrated that 28 lipid 
elements co-existed in all subtypes of lung cancer as 
lung cancer-specific biomarkers, while levels of PG or 
PI were mainly reduced in squamous cell carcinomas or 
adenocarcinoma, and PS or PE levels were elevated in 
adenocarcinoma or small cell lung cancer as lung can-
cer subtype-specific biomarkers [7]. Chen et  al. found 
that levels of PE elements dominantly increased in early-
stages of non-small cell lung cancer and proposed those 
as biomarkers [17]. Values of lipidomic profiles as disease 

Table 5 Disease-specific profiles of elevated twofold lipid elements of patients with severe acute pneumonia (SAP), acute 
pulmonary embolism (APE), or  acute exacerbation of  chronic pulmonary diseases (AECPD) with  statistical significance, 
as compared with healthy control (p < 0.05 or less)

SAP APE AECPD

Elements Folds pvalue Elements Folds pvalue Elements Folds pvalue

Elevated twofold lipid elements

 d181So 21.71 0.04 PC 16:0/26:0 3.98 0.02 lysoPI 22:4 (sn-1) 5.55 0.03

 lysoPS17:1 8.70 0.03 lysoPS16:1 3.09 0.01 lysoPS22:6 3.28 0.05

 lysoPE 22:6 (sn-1) 5.99 0.05 lysoPS17:0 3.01 0.01 lysoPC 17:1 (sn-1) 3.24 0.04

 lysoPG14:0 5.90 0.01 lysoPC 22:6 (sn-1) 2.56 0.01 lysoPI 20:0 (sn-1) 2.80 0.03

 lysoPS16:0 5.44 0.01 lysoPC 19:0 (sn-1) 2.50 0.01 lysoPS20:4 2.71 0.03

 PS32:0 4.43 0.03 lysoPC 20:3 (sn-1) 2.48 0.02 lysoPG15:0 2.46 0.04

 PS32:1 4.07 0.01 lysoPC 20:5 (sn-1) 2.40 0.01 PS37:5 2.10 0.01

 lysoPI 20:2 (sn-1) 4.02 0.02 PC 39:0 2.36 0.00 PG36:2 2.08 0.01

 lysoPS14:0 3.64 0.02 lysoPC 18:0 (sn-1) 2.33 0.01

 lysoPI 19:0 (sn-1) 3.52 0.00 lysoPC 20:4 (sn-1) 2.31 0.01

 PC 39:2 3.45 0.02 lysoPC 18:3 (sn-1) 2.30 0.03

 lysoPS18:3 3.32 0.01 PS36:6 2.27 0.04

 PS34:2 2.94 0.01 lysoPC 20:2 (sn-1) 2.26 0.03

 PE 42:7 2.92 0.04 lysoPC 17:0 (sn-1) 2.22 0.01

 PE 37:3 2.66 0.05 lysoPC 20:0 (sn-1) 2.20 0.03

 PC 37:4 2.44 0.02 lysoPS20:5 2.20 0.03

 PE 35:1 2.26 0.04 PS38:7 2.18 0.01

 PS33:2 2.23 0.04 PC 40:7 2.17 0.00

 PS35:2 2.23 0.01 lysoPC 15:0 (sn-2) 2.12 0.04

 PE 39:6 2.11 0.02 lysoPC 16:0 (sn-2) 2.12 0.01

 lysoPG18:3 2.08 0.04 PS33:0 2.11 0.02

 PC 40:5 2.06 0.00 lysoPC 18:1 (sn-1) 2.05 0.02

 PC 40:8 2.01 0.03

Declined twofold lipid elements

 PA 18:1/20:4 0.25 0.04 PA 14:0/24:5 0.18 0.04 PA 10:0/18:0 0.43 0.00

 PG40:5 0.47 0.03 PA 18:0/20:5 0.35 0.02 PA 10:0/18:1 0.44 0.02

 PG40:6 0.33 0.00 PS38:1 0.39 0.02 PA 16:1/18:4 0.33 0.03

 PG40:8 0.31 0.00 PS40:1 0.32 0.04 PS 18:0/22:3 0.46 0.01

 PI 18:0/17:1 0.39 0.00 PS 20:3/22:6 0.45 0.02
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Table 6 Common profiles of elevated twofold lipid elements of ALL patients with severe acute pneumonia (SAP), acute 
pulmonary embolism (APE), or  acute exacerbation of  chronic pulmonary diseases (AECPD) with  statistical significance, 
as compared with healthy control (p < 0.05 or less)

Elements SAP APE AECPD

Folds pvalue Folds pvalue Folds pvalue

lysoPE19:0 8.66 0.02 5.09 0.05 6.92 0.03

lysoPS18:2 3.83 0.01 4.15 0.01 3.44 0.00

PC 19:0/21:2 3.15 0.02 3.24 0.02 3.24 0.03

PC 39:4 4.57 0.01 2.09 0.00 4.00 0.03

PC 41:6 6.56 0.03 2.30 0.00 5.50 0.03

PE 35:5p 3.15 0.00 2.40 0.02 2.73 0.01

PE 35:6p 3.80 0.01 2.25 0.04 2.72 0.01

PE 38:1 5.76 0.00 3.06 0.04 3.90 0.00

PE 38:3 4.60 0.02 2.60 0.03 3.06 0.01

PE 38:7 4.25 0.00 3.01 0.05 4.09 0.00

PE 39:7 5.33 0.00 3.27 0.02 3.61 0.00

PE 40:1 6.19 0.00 3.50 0.01 4.76 0.00

PE 40:2 6.56 0.00 3.52 0.01 4.95 0.00

PE 40:3 6.96 0.02 3.68 0.01 5.06 0.00

PE 42:8 6.02 0.03 3.13 0.04 3.58 0.01

PG30:0 3.31 0.00 3.50 0.00 3.39 0.00

PG30:1 4.78 0.00 4.89 0.00 5.26 0.00

PG31:0 4.28 0.00 3.49 0.00 5.21 0.00

PG31:1 4.19 0.00 3.47 0.00 4.86 0.00

PG32:0 2.92 0.00 2.65 0.00 2.96 0.00

PG32:1 2.36 0.00 2.40 0.01 2.52 0.01

PG32:2 2.71 0.00 2.49 0.01 2.47 0.01

PG33:0 2.11 0.02 2.04 0.05 2.22 0.02

PG34:0 2.97 0.02 2.84 0.01 2.97 0.00

PG34:1 2.68 0.00 2.80 0.01 2.84 0.01

PI 36:3 9.59 0.00 6.86 0.02 8.21 0.00

PS30:0 6.74 0.03 3.60 0.05 4.18 0.00

PS30:1 12.38 0.02 8.12 0.00 7.21 0.00

PS31:1 5.32 0.00 5.63 0.00 3.17 0.01

PS34:3 2.68 0.01 2.35 0.05 2.35 0.00

PS34:4 2.67 0.00 2.50 0.02 2.22 0.00

PS35:3 3.12 0.01 2.20 0.02 2.40 0.03

PS37:6 2.89 0.01 3.51 0.03 2.27 0.00

PA 14:1/20:5 0.08 0.00 0.11 0.00 0.10 0.00

PA 15:0/20:5 0.04 0.00 0.04 0.01 0.06 0.00

PA 15:0/25:0 0.20 0.01 0.29 0.04 0.22 0.02

PA 15:1/24:0 0.33 0.01 0.39 0.03 0.37 0.02

PA 16:0/18:3 0.31 0.00 0.48 0.04 0.32 0.01

PA 16:0/20:1 0.48 0.02 0.50 0.03 0.47 0.02

PA 17:0/13:0 0.28 0.01 0.41 0.04 0.30 0.01

PA 20:0/21:5 0.22 0.01 0.31 0.02 0.25 0.01

PS41:6 0.50 0.01 0.49 0.02 0.46 0.01
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biomarkers can be increased and specialized when the 
concept of clinical trans-omics is introduced and applied 
[18]. Clinical lipidomics is a new extension of lipidom-
ics to study lipid profiles, pathways, and networks by 

characterizing and quantifying the complete spectrum 
of lipidomes in samples of patients, and to link the lipi-
domics components to clinical phenomics [19]. The pre-
sent study detailed clinical phenomes and converted the 

Fig. 4 Top 6 lipid elements with the highest expression in patients with severe acute pneumonia (a SAP), acute pulmonary embolism (b APE), 
or acute exacerbation of chronic pulmonary diseases (c AECOPD), after comparing with healthy patients.*, **p values less than 0.05 and 0.01, 
respectively, as compared with healthy patients
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descriptive information into digital information using the 
digital evaluation score system [2, 20]. Among selected 
diseases in the present study, we noticed acute clini-
cal phenomes were highly consistent and similar, while 

disease-associated or specific phenomes were obvious 
when compared to different pathogeneses.

Critical illnesses such as severe acute physical stress 
is often accompanied with dysfunction of immune 

Table 7 Top 3 more than  twofold elevated lipid elements of  patients with  severe acute pneumonia (SAP), acute 
pulmonary embolism (APE), or  acute exacerbation of  chronic pulmonary diseases (AECPD) with  statistical significance, 
as compared with each other (p < 0.05 or less)

APE p Fold

Compared with SAP

PG40:1 0.03 2.02

PG40:6 0.01 2.04

PS 18:0/22:3 0.01 2.07

SAP p Fold AECPD p Fold

Compared with APE

PC 39:3(18:0/21:3) 0.03 2.79 lysoPG20:0 0.01 2.65

PC 39:3(19:0/20:3) 0.03 2.55

SAP p Fold APE p Fold

Compared with AECPD

lysoPS15:1 0.05 2.53 PS 18:0/22:3 0.00 2.43

PS 19:0/19:0 0.02 2.33

PS 20:3/22:6 0.04 2.13

Fig. 5 The analytic graph of five principal components as five dimensions of lipid elements selected from 502 dimensions (a). Two-dimensional 
plans (b) made by PLS-DA of the first two principal components PC1 as abscissa and PC2 as ordinate where healthy patients, severe acute 
pneumonia (SAP), acute pulmonary embolism (APE), or acute exacerbation of chronic pulmonary diseases (AECOPD) were clearly distinguished
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Fig. 6 C-atom map based on the number of major C-atoms expressed by lipid species in healthy patients or patients with severe acute pneumonia 
(SAP), acute pulmonary embolism (APE), or acute exacerbation of chronic pulmonary diseases (AECOPD). Each column represents the mean ± SD of 
independent groups

Fig. 7 The proportion of main lipid components (a) in healthy patients or patients with severe acute pneumonia (SAP), acute pulmonary embolism 
(APE), or acute exacerbation of chronic pulmonary diseases (AECOPD). Volcano Plot with the transverse axis of the log2 (FC) and the longitudinal 
axis of − log 10 (p value) where every dot represents one lipid species of patients with severe acute pneumonia (b), acute pulmonary embolism (c), 
or acute exacerbation of chronic pulmonary diseases (d). The point outside the horizontal axis 1 means that the lipid element is more than twofolds 
higher than control group, whereas the one on the left side of − 1 is down-regulated by twofolds of lipid species. A line perpendicular to the Y axis 
is − log 10 (0.05), and points above this line indicate lipid species with significant difference < 0.05
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a

b

c

Fig. 8 The specific correlation between clinical phenotypes and altered lipid elements of patients with severe acute pneumonia (a), acute 
pulmonary embolism (b), or acute exacerbation of chronic pulmonary diseases (c)
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responses and systemic metabolism that contribute to the 
severity of disease. SAP is one of the common initiators 
that can induce or worsen critical illnesses in intensive 
care unit and is frequently associated with high mortality 
and morbidity. The present study sets out to investigate 
clinical lipidomics in bacteria-caused SAP and discov-
ered PA and PG as major elements (> 75% of total lipids 
measured) that declined in patients with SAP, while half 
of the increased elements were PE and lyso-lipids. Char-
acterizations of circulating lipidomic profiles in SAP pre-
sent different from non-infection acute lung injury (e.g. 
APE) and from acute exacerbation on basis of chronic 
lung jury (e.g. AECOPD). Elevated levels of lyso-lipids 
may be one of the major metabolites and signal pathways 
in SAP. Wu et al. found that there was a comprehensive 
increase of phosphatidylinositol and lysophospha tidylin-
ositol levels in recovering patients who suffered from 
sepsis secondary to SAP, and proposed that lyso-lipids 
might play a role in metabolic disruptions [21]. However, 

the altered values of lipidomic profiles per se sound less 
disease specificity, since lyso-lipids were also elevated in 
APE (30%) or AECOPD (16%), and PA mainly declined in 
both APE and AECOPD.

In order to increase the disease specificity, clinical 
bioinformatics has been developed to integrate patient 
phenomes with genomic and proteomic profiles and 
suggested as a powerful tool to identify and validate 
disease-specific biomarkers and therapeutic targets [22]. 
For example, Chen et  al. integrated clinical informat-
ics with proteomic profiles and selected a panel of pro-
teins for diagnosis of AECOPD [2]. Wu et  al. screened 
AECOPD-specific panels of gene expression profiles by 
RNA sequencing and microarray and then correlated it 
with clinical phenomes dynamically [23]. Shi et  al. fur-
thermore integrated comprehensive profiles of genomics 
and proteomics with clinical phenomes in AECOPD and 
validated mechanic roles of one identified target mol-
ecule osteopontin [3]. The present study demonstrated 

Table 8 AUC values of specific lipid molecules in SAP, APE, AECPD, “*” indicated statistically significant

SAP APE AECPD

Specific molecules AUC Specific molecules AUC Specific molecules AUC 

d181so 0.76* LysoPC15:0(sn-2) 0.72* LysoPC17:1(sn-1) 0.71*

LysoPE22:6(sn-1) 0.74* LysoPC16:0(sn-2) 0.78* LysoPG15:0 0.67

LysoPG14:0 0.85* LysoPC17:0(sn-1) 0.77* LysoPI20:0(sn-1) 0.74*

LysoPG18:3 0.70 LysoPC18:0(sn-1) 0.78* LysoPI22:4(sn-1) 0.81*

LysoPI19:0 0.82* LysoPC18:1(sn-1) 0.77* LysoPS20:4 0.76*

LysoPI20:2 0.74* LysoPC18:3(sn-1) 0.79* LysoPS22:6 0.71*

LysoPS14:0 0.73* LysoPC19:0(sn-1) 0.80* PG36:2 0.81*

LysoPS16:0 0.79* LysoPC20:0(sn-1) 0.75* PS37:5 0.78*

LysoPS17:1 0.69 LysoPC20:2(sn-1) 0.73* PA10:0/18:0 0.82*

LysoPS18:3 0.74* LysoPC20:3(sn-1) 0.80* PA10:0/18:1 0.68

PA18:1/20:4 0.66 PA14:0/24:5 0.77* PA16:1/18:4 0.75*

PG40:5 0.64 PA18:0/20:5 0.66 PS18:0/22:3 0.73*

PG40:6 0.76* PS38:1 0.81* PS20:3/22:6 0.67

PG40:8 0.69 PS40:1 0.81

PI18:0/17:1 0.83* LysoPC20:4(sn-1) 0.78*

PC37:4 0.86* LysoPC20:5(sn-1) 0.84*

PC39:2 0.86* LysoPC22:6(sn-1) 0.83*

PC40:5 0.86* LysoPS16:1 0.71*

PC40:8 0.72* LysoPS17:0 0.77*

PE35:1 0.80* LysoPS20:5 0.72*

PE37:3 0.77* PC16:0/26:0 0.82*

PE39:6 0.82* PC39:0 0.85*

PE42:7 0.83* PC40:7 0.85*

PS32:0 0.77* PS33:0 0.73*

PS32:1 0.79* PS36:6 0.72*

PS33:2 0.69 PS38:7 0.78*

PS34:2 0.86*

PS35:2 0.72*
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that some of the lipid elements only showed signifi-
cantly elevated levels in one of SAP, APE, or AECOPD, 
whereas other lipid elements showed elevated levels to 
varying degrees across all groups. This might have been 
resulted from the limited sample of patients, metabo-
lites with less specificity, or due to the variation of 
severity of disease in each patient. In the study, through 
simulated lQTL model and integrated lipidomic and 
phenomic profiles we discovered disease-specific pan-
els of lipid elements, although some of those appeared 
in all SAP, APE, and AECOPD patients (e.g. PE40:2/
PE18:1/22:1, PE40:1/PE22:/18:1, PG30:1), some in two 
groups, and some only in one group. In selected dis-
ease-specific panel, lysoPG14:0, PE38:2/PE18:1/20:1, 
PS32:0, or lysoPS17:1 in SAP, lysoPS18:2 in APE, or 
PS30:0 and PE38:7/PE16:1/22:6/18:2/20:5 in AECOPD. 
One clinical phenotype can be associated with a variety 
of altered lipid elements, e.g. erythrocyte sedimenta-
tion rate which corresponded with PS32:0, lysoPS 14:0, 
PC 18:1/23:1, PS 40:8, PC16:0/26:0, lysoPS 20:4, and 
PC 18:1/23:1;  PaCO2 (mmHg) with lysoPE 22:6 (sn-1), 
lysoPG14:0, PA15:0/25:0, PA 20:0/21:5, PA 17:0/13:0, and 
PA19:0/23:0; of which the most are down-regulated lipid 
elements. The abnormality of erythrocyte sedimentation 
rate is present in all three diseases and can be contributed 
with a large number of abnormal metabolites, of which 
altered lipid elements can be the part of mechanism. On 
the other hand, one altered lipid element can be corre-
sponded to a plurality of clinical phenotypes, indicat-
ing that the lipid elements play an important role in the 
development of multi-phenomes. Of those, some altered 
lipid elements are disease-specific or phenome-specific, 
although the exact value as diagnostic biomarkers need 
to be furthermore validated as suggested [24–32].

Our present and previous data confirm that lipidomic 
profiles of diseases per se can differ between healthy 
patients and patients whom have a disease. The DESS 
scores were used as quantitative phenomes, and the asso-
ciation between lipidomics and DESS scores were cap-
tured by our “lipid-clinic” model on different groups of 
patients with different diseases respectively. For one cate-
gory of patients, the lipids associated with severe disease 
state (i.e. large DESS score) would be dissimilar to those 
with other categories of patients. Thus, our results sup-
plied the disease-specific lipids associated with particular 
disease severity, and these disease-specific lipids would 
be applied as potential biomarkers or therapeutic targets 
for given disease. Maile et al. found that changes in some 
lipid concentrations over time did not differ between sur-
vivors and non-survivors of patients with ARDS, while 
some appeared different after using multi-comparisons 
[33]. On the one hand, eQTL usually models the asso-
ciation between DNA data (e.g. sequence variants as 

genotype) and mRNA data (e.g. gene expression as quan-
titative molecular phenotype). On the other hand, this 
work tends to model the association between lipid data 
(e.g. lipidomics as molecular phenotype) and clinical 
data (e.g. DESS scores as quantitative phenomes). Thus, 
we hold an assumption that the association concept and 
mathematical model of conventional eQTL study can 
also be applied in detect the lipid-clinic association, so 
that, we borrowed the calculation methods from eQTL 
to this work. To avoid the confusion, we change the term 
“lipid-QTL model” to “lipid-clinic model” in revision. 
The modified “eQTL” analysis associated the values of 
individual lipid elements as patient lipid variations with 
index levels of each clinical phenome as patient disease 
phenotype. There are still urgent needs to develop more 
specific and accurate analytic methods to lipidomic pro-
files with clinical phenomes, genomics, and proteomics. 
It would be more helpful if the measurements of lipid-
omic profiles and expression of genes and proteins can 
be performed in the same cell bulks, or more optimally 
in the same single cell. The preliminary information on 
the clinical trans-omics was generated from the current 
study, although there is still a large space for improve-
ment in future.

Conclusions
The morbidity and mortality of critical illnesses remain 
high in intensive care units due to lack of understanding 
biomarkers and mechanisms. The present study demon-
strates that lipidomic profiles of patients with acute lung 
diseases are different from healthy lungs, and there are 
also disease-specific portions of lipidomics among SAP, 
APE, or AECOPD. The comprehensive profiles of clini-
cal phenomes or lipidomics are valuable in describing 
the disease specificity of patient phenomes and lipid ele-
ments. The combination of clinical phenomes with lipi-
domic profiles provides more detailed disease-specific 
information on panels of lipid elements when compared 
to the use of each separately. With integrating biological 
functions with disease specificity, we believe that clini-
cal lipidomics will create a new alternative way to under-
stand lipid-associated mechanisms of critical illnesses 
and develop a new category of disease-specific biomark-
ers and therapeutic targets.
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Additional file 1. Additional tables. 

Additional file 2: Figure S1. The map of lipidomic profiles of healthy con-
trol or patients with severe acute pneumonia, acute pulmonary embolism, 
or acute exacerbation of chronic pulmonary diseases. The average levels 
of 502 lipid elements were used and scattered from blue to red colors, 
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indicating levels of lipid elements changes from low to high. Figure S2. 
Top 6 of the highest values of lipid elements were selected from healthy 
patients or patients with control, with severe acute pneumonia (SAP), 
acute pulmonary embolism (APE), or acute exacerbation of chronic pul-
monary diseases (AECOPD). Those top 6 elements selected are independ-
ent upon statistical significance, different from Figure S4. Figure S3. The 
ROC curve of up-regulated lipid elements in severe acute pneumonia with 
statistical significance. Figure S4. The ROC curve of up-regulated lipid ele-
ments in acute pulmonary embolism with statistical significance. Figure 
S5. The ROC curve of up-regulated lipid elements in acute exacerbation 
of chronic pulmonary diseases with statistical significance. Figure S6. The 
ROC curve of down-regulated lipid elements in severe acute pneumonia, 
acute pulmonary embolism, or acute exacerbation of chronic pulmonary 
diseases with statistical significance.

Abbreviations
PC: phosphatidylcholine; LysoPC: lysophosphatidylcholine; Cer: ceramide; 
SM: sphingomyelin; PE: phosphatidylethanolamine; LysoPE: lysophosphati-
dylethanolamine; PA: phosphatidic acid; LysoPA: lysophosphatidic acid; PG: 
phosphatidyl glycerol; PS: phosphatidylserine; PI: phosphatidylinositol; LysoPS: 
lysophosphatide.

Acknowledgements
We specially appreciate scientific advices and comments from Prof Huali Shen 
and Prof. Huiyong Yen on our manuscript which are valuable for the improve-
ment of the manuscript.

Authors’ contributions
DYG, LLZ, DLS, and JPL participate in the study design, performed all measure-
ments and analyses, analyzed all data, and wrote the manuscript. LYW, SZ, and 
YJL participated in the measurements and analyses, and YMZ, JQZ, XDW led 
the project and participated in study design, data analyses, and manuscript 
writing. All authors read and approved the final manuscript.

Funding
The work was supported by Zhongshan Distinguished Professor Grant (XDW), 
The National Nature Science Foundation of China (91230204, 81270099, 
81320108001, 81270131, 81300010, 81700008, 81873409), The Shanghai Com-
mittee of Science and Technology (12JC1402200, 12431900207, 11410708600, 
14431905100), Operation funding of Shanghai Institute of Clinical Bioinformat-
ics, Ministry of Education for Academic Special Science and Research Founda-
tion for Ph.D. Education (20130071110043), and National Key Research and 
Development Program (2016YFC0902400, 2017YFSF090207).

Availability of data and materials
We promise that the data and materials are true, available, and reliable.

Ethics approval and consent to participate
The study was approved by the ethical committee of Zhongshan Hospital. The 
patients gave informed consent for the lipids analysis and the ethical code is 
B2018-187.

Consent for publication
All authors agree to publish this article in JTM.

Competing interests
The authors declare that they have no competing interests.

Author details
1 Department of Pulmonary Diseases, The First Hospital of Wenzhou Medi-
cal University, Wenzhou, Zhejiang, China. 2 Zhongshan Hospital Institute 
for Clinical Science, Shanghai Institute of Clinical Bioinformatics, Shanghai 
Engineering Research for AI Technology for Cardiopulmonary Diseases, 
Center for Tumor Diagnosis and Therapy, Jinshan Hospital, Shanghai Medical 
College, Fudan University, Shanghai, China. 3 Clinical Center for Molecular 
Diagnosis and Therapy, The Second Hospital of Fujian Medical University, 
Quanzhou, Fujian, China. 4 Department of Anesthesiology, Center for Clinical 
Single Cell Biomedicine, Henan Provincial People’s Hospital, People’s Hospital 
of Zhengzhou University, Zhengzhou, China. 5 Key Laboratory of Systems 

Biology, Institute of Biochemistry and Cell Biology, Chinese Academy Science, 
Shanghai, China. 

Received: 6 February 2019   Accepted: 29 April 2019

References
 1. Störmann P, Lustenberger T, Relja B, Marzi I, Wutzler S. Role of biomarkers 

in acute traumatic lung injury. Injury. 2017;48(11):2400–6. https ://doi.
org/10.1016/j.injur y.2017.08.041.

 2. Chen C, Shi L, Li Y, Wang X, Yang S. Disease-specific dynamic biomark-
ers selected by integrating inflammatory mediators with clinical 
informatics in ARDS patients with severe pneumonia. Cell Biol Toxicol. 
2016;32(3):169–84. https ://doi.org/10.1007/s1056 5-016-9322-4.

 3. Shi L, Zhu B, Xu M, Wang X. Selection of AECOPD-specific immunomodu-
latory biomarkers by integrating genomics and proteomics with clinical 
informatics. Cell Biol Toxicol. 2018;34(2):109–23. https ://doi.org/10.1007/
s1056 5-017-9405-x.

 4. Wang X, Wu D, Shen H. Lipidomics in health & disease: methods & appli-
cation. In: Wang X, editor. Serial books: translational bioinformatics. New 
York: Springer; 2018.

 5. Lv J, Zhang L, Yan F, Wang X. Clinical lipidomics: a new way to diagnose 
human diseases. Clin Transl Med. 2018;7(1):12. https ://doi.org/10.1186/
s4016 9-018-0190-9.

 6. Zhang L, Han X, Wang X. Is the clinical lipidomics a potential gold-
mine? Cell Biol Toxicol. 2018;34(6):421–3. https ://doi.org/10.1007/s1056 
5-018-9441-1.

 7. Lv J, Gao D, Zhang Y, Wu D, Shen L, Wang X. Heterogeneity of lipid-
omic profiles among lung cancer subtypes of patients. J Cell Mol Med. 
2018;22(10):5155–9. https ://doi.org/10.1111/jcmm.13782 .

 8. Aston SJ. Pneumonia in the developing world: characteristic features and 
approach to management. Respirology. 2017;22(7):1276–87. https ://doi.
org/10.1111/resp.13112 .

 9. Scott JA, Wonodi C, Moïsi JC, Deloria-Knoll M, DeLuca AN, Karron RA, et al. 
The definition of pneumonia, the assessment of severity, and clinical 
standardization in the Pneumonia Etiology Research for Child Health 
study. Clin Infect Dis. 2012;54(Suppl 2):S109–16. https ://doi.org/10.1093/
cid/cir10 65.

 10. Agnelli G, Becattini C. Acute pulmonary embolism. N Engl J Med. 
2010;363(3):266–74. https ://doi.org/10.1056/NEJMr a0907 731.

 11. Rodriguez-Roisin R. Toward a consensus definition for COPD exacerba-
tions. Chest. 2000;117(5 Suppl 2):398S–401S.

 12. Chen H, Song Z, Qian M, Bai C, Wang X. Selection of disease-specific 
biomarkers by integrating inflammatory mediators with clinical 
informatics in AECOPD patients: a preliminary study. J Cell Mol Med. 
2012;16(6):1286–97.

 13. Lin L, Ding Y, Wang Y, Wang Z, Yin X, et al. Functional lipidomics: palmitic 
acid impairs hepatocellular carcinoma development by modulating 
membrane fluidity and glucose metabolism. Hepatology. 2017;66(2):432–
48. https ://doi.org/10.1002/hep.29033 .

 14. Bernhard W, Schmiedl A, Koster G, Orgeig S, Acevedo C, Poets CF, Postle 
AD. Developmental changes in rat surfactant lipidomics in the context of 
species variability. Pediatr Pulmonol. 2007;42(9):794–804.

 15. Telenga ED, Hoffmann RF, Ruben K, Hoonhorst SJ, Willemse BW, van 
Oosterhout AJ, et al. Untargeted lipidomic analysis in chronic obstructive 
pulmonary disease Uncovering sphingolipids. Am J Respir Crit Care Med. 
2014;190(2):155–64. https ://doi.org/10.1164/rccm.20131 2-2210o c.

 16. Yan F, Zhao H, Zeng Y. Lipidomics: a promising cancer biomarker. Clin 
Transl Med. 2018;7(1):21. https ://doi.org/10.1186/s4016 9-018-0199-0.

 17. Chen Y, Ma Z, Shen X, Li L, Zhong J, Min LS, et al. Serum lipidomics profil-
ing to identify biomarkers for non-small cell lung cancer. Biomed Res Int. 
2018;7(2018):5276240. https ://doi.org/10.1155/2018/52762 40.

 18. Wang X. Clinical trans-omics: an integration of clinical phenomes with 
molecular multiomics. Cell Biol Toxicol. 2018;34(3):163–6. https ://doi.
org/10.1007/s1056 5-018-9431-3.

 19. Wang X, Wu D, Shen H. Lipidomics in health & disease: methods & appli-
cation. In: Wang X, editor. Serial book V14: translational bioinformatics. 
New York: Springer; 2018.

https://doi.org/10.1016/j.injury.2017.08.041
https://doi.org/10.1016/j.injury.2017.08.041
https://doi.org/10.1007/s10565-016-9322-4
https://doi.org/10.1007/s10565-017-9405-x
https://doi.org/10.1007/s10565-017-9405-x
https://doi.org/10.1186/s40169-018-0190-9
https://doi.org/10.1186/s40169-018-0190-9
https://doi.org/10.1007/s10565-018-9441-1
https://doi.org/10.1007/s10565-018-9441-1
https://doi.org/10.1111/jcmm.13782
https://doi.org/10.1111/resp.13112
https://doi.org/10.1111/resp.13112
https://doi.org/10.1093/cid/cir1065
https://doi.org/10.1093/cid/cir1065
https://doi.org/10.1056/NEJMra0907731
https://doi.org/10.1002/hep.29033
https://doi.org/10.1164/rccm.201312-2210oc
https://doi.org/10.1186/s40169-018-0199-0
https://doi.org/10.1155/2018/5276240
https://doi.org/10.1007/s10565-018-9431-3
https://doi.org/10.1007/s10565-018-9431-3


Page 20 of 20Gao et al. J Transl Med          (2019) 17:162 

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your research ?  Choose BMC and benefit from: 

 20. Chen H, Song Z, Qian M, Bai C, Wang X. Selection of disease-specific bio-
markers by integrating inflammatory mediators with clinical informatics 
in AECOPD patients: a preliminary study. J Cell Mol Med. 2012;16(6):1286–
97. https ://doi.org/10.1111/j.1582-4934.2011.01416 .x.

 21. Wu Q, Zhou L, Sun X, Yan Z, Hu C, Wu J, et al. Altered lipid metabo-
lism in recovered sars patients twelve years after infection. Sci Rep. 
2017;7(1):9110. https ://doi.org/10.1038/s4159 8-017-09536 -z.

 22. Wang X, Baumgartner C, Shields D, Deng H-W, Beckmann JS. Applica-
tion of clinical bioinformatics. Book series of translational bioinformatics. 
Wang X, ed. eBook ISBN: 978-94-017-7543-4, https ://doi.org/10.1007/978-
94-017-7543-4, Hardcover ISBN: 978-94-017-7541-0, Series ISSN: 
2213-2775.

 23. Wu X, Sun X, Chen C, Bai C, Wang X. Dynamic gene expressions of 
peripheral blood mononuclear cells in patients with acute exacerbation 
of chronic obstructive pulmonary disease: a preliminary study. Crit Care. 
2014;18(6):508. https ://doi.org/10.1186/s1305 4-014-0508-y.

 24. Ansari D, Torén W, Zhou Q, Hu D, Andersson R. Proteomic and genomic 
profiling of pancreatic cancer. Cell Biol Toxicol. 2019. https ://doi.
org/10.1007/s1056 5-019-09465 -9.

 25. Marcell Szasz A, Malm J, Rezeli M, Sugihara Y, Betancourt LH, Rivas D, 
Gyorffy B, Marko-Varga G. Challenging the heterogeneity of disease 
presentation in malignant melanoma-impact on patient treatment. Cell 
Biol Toxicol. 2019;35(1):1–14. https ://doi.org/10.1007/s1056 5-018-9446-9.

 26. Kawamura Y, Takouda J, Yoshimoto K, Nakashima K. New aspects of 
glioblastoma multiforme revealed by similarities between neural and 
glioblastoma stem cells. Cell Biol Toxicol. 2018;34(6):425–40. https ://doi.
org/10.1007/s1056 5-017-9420-y.

 27. Wang X. Clinical trans-omics: an integration of clinical phenomes with 
molecular multiomics. Cell Biol Toxicol. 2018;34(3):163–6. https ://doi.
org/10.1007/s1056 5-018-9431-3.

 28. Song D, Yang D, Powell CA, Wang X. Cell–cell communication: old mys-
tery and new opportunity. Cell Biol Toxicol. 2019. https ://doi.org/10.1007/
s1056 5-019-09470 -y.

 29. Wang W, Zhu B, Wang X. Dynamic phenotypes: illustrating a single-cell 
odyssey. Cell Biol Toxicol. 2017;33(5):423–7. https ://doi.org/10.1007/s1056 
5-017-9400-2.

 30. Wu D, Wang X, Sun H. The role of mitochondria in cellular toxicity as 
a potential drug target. Cell Biol Toxicol. 2018;34(2):87–91. https ://doi.
org/10.1007/s1056 5-018-9425-1.

 31. Zhu Z, Qiu S, Shao K, Hou Y. Progress and challenges of sequencing and 
analyzing circulating tumor cells. Cell Biol Toxicol. 2018;34(5):405–15. 
https ://doi.org/10.1007/s1056 5-017-9418-5.

 32. Wu D, Cheng Y, Wang X. Definition of clinical gene tests. Cell Biol Toxicol. 
2019;1:1. https ://doi.org/10.1007/s1056 5-019-09464 -w.

 33. Maile MD, Standiford TJ, Engoren MC, Stringer KA, Jewell ES, Rajendiran 
TM, Soni T, Burant CF. Associations of the plasma lipidome with mortality 
in the acute respiratory distress syndrome: a longitudinal cohort study. 
Respir Res. 2018;19(1):60. https ://doi.org/10.1186/s1293 1-018-0758-3.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations

https://doi.org/10.1111/j.1582-4934.2011.01416.x
https://doi.org/10.1038/s41598-017-09536-z
https://doi.org/10.1007/978-94-017-7543-4
https://doi.org/10.1007/978-94-017-7543-4
https://doi.org/10.1186/s13054-014-0508-y
https://doi.org/10.1007/s10565-019-09465-9
https://doi.org/10.1007/s10565-019-09465-9
https://doi.org/10.1007/s10565-018-9446-9
https://doi.org/10.1007/s10565-017-9420-y
https://doi.org/10.1007/s10565-017-9420-y
https://doi.org/10.1007/s10565-018-9431-3
https://doi.org/10.1007/s10565-018-9431-3
https://doi.org/10.1007/s10565-019-09470-y
https://doi.org/10.1007/s10565-019-09470-y
https://doi.org/10.1007/s10565-017-9400-2
https://doi.org/10.1007/s10565-017-9400-2
https://doi.org/10.1007/s10565-018-9425-1
https://doi.org/10.1007/s10565-018-9425-1
https://doi.org/10.1007/s10565-017-9418-5
https://doi.org/10.1007/s10565-019-09464-w
https://doi.org/10.1186/s12931-018-0758-3

	Values of integration between lipidomics and clinical phenomes in patients with acute lung infection, pulmonary embolism, or acute exacerbation of chronic pulmonary diseases: a preliminary study
	Abstract 
	Background: 
	Methods: 
	Results: 
	Conclusions: 

	Background
	Methods and materials
	Patient population
	Digital evaluation score system
	Lipid extraction for mass spectrometry analysis
	Measurement of lipidomic profiles
	Lipidomic data analysis
	Statistical analysis

	Results
	Discussion
	Conclusions
	Acknowledgements
	References




